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How to Limit Misleading Info.?

e Donald J. Trump & @realDonaldTrump - Nov 16 000

The Radical Left Democrats, working with their partner, the Fake News
Media, are trying to STEAL this Election. We won’t let them!

Viral Tweet with Misinformation

Donald J. Trump & @realDonaldTrump - 1h

Some or all of the content shared in this Tweet is disputed
and might be misleading about an election or other civic
process. Learn more
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Hard Intervention

View

Donald J. Trump &
@realDonaldTrump

He only won in the eyes of the FAKE NEWS MEDIA. |
concede NOTHING! We have a long way to go. This was
a RIGGED ELECTION!

@ This claim about election fraud is disputed

9:19 AM - Nov 15, 2020 - Twitter for iPhone

108K Retweets 47.2K Quote Tweets 567.8K Likes

Soft Intervention



Number of Retweets

What is the Impact of Interventions?

Expected Reduction in Engagement by Intervention

=== No Intervention
Soft Intervention
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Expectation: Reduced Engagement

Number of Retweets

Observed Increase in Engagement by Intervention
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Reality: Increased Engagement



Comparing Group-wise Engagement
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https://misinforeview.hks.harvard.edu/article/twitter-flagged-donald-trumps-tweets-with-election-misinformation-they-continued-to-spread-both-on-and-off-the-platform/
https://arxiv.org/pdf/2101.07183.pdf

Comparing Group-wise Covariates
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HOW TO GET TO CAUSALID

« Exploit the time-series richness of the data
« Match the entire “trajectory” of the tweets pre-intervention

« Account for confounding by balancing on the outcome variable — really
powerful!

Trajectory Balancing - Hazlett and Xu, 2018

- No balance

- Mean balancing: match period-wise means of pre-treatment covariates

- Kernel balancing: match higher-order moments of pre-treatment covariates
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TRAJECTORY BALANCING
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Causal Effects of Soft Interventions
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Soft Interventions cause a milder increase in Retweets!
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Posts

Effects on Reddit, FB, Instagram?
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Virality of Tweet ID #1325099845045071873
"I WON THIS ELECTION, BY A LOT!"

e e +—{ Facebook }

—{ Reddit p
{ Instagram }

Nov 15 Dec 01 Dec 15 Jan 01
Date

Subscribers ¢ 100K o 1M O 10M O 30M

Tweets are shared beyond just
platform of origin, Twitter

What are the effects of interventions
across different platforms?

Use CrowdTangle to collect
cross-platform data re: tweets

Can track “hard” interventions!

Twitter’s Interventions are effective
on FB, Instagram!



Causal Effects of Hard Interventions
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Hard Interventions cause a decrease in FB posts!
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